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Abstract

People often wonder what it would be like to be in a different
situation: how others live, and how their own life might unfold
under different circumstances. In this work, we propose Synthetic
Lived Experience (SLE) as computationally generated, first-person
accounts that approximate “what I might do and feel if I were this
person, in this situation” or “how my life might look if my context
changed” Using a generative model-based pipeline, we specify per-
sonas and contexts, and then synthesize episodic narratives and
corresponding visualizations that depict actions, environments, and
emotions. We present initial qualitative examples of SLEs that illus-
trate how generated first-person narratives can surface everyday
lived experience under specified personas and contexts. We also
discuss key limitations and outline opportunities for future work.
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1 Introduction

People are constantly curious about other lives. We imagine what
it would be like to have a different job, to have grown up in another
city, or to have been born into a completely different background.
According to Markus’s theory of possible selves [12], people gain
motivation, adjust their behavior, and set long-term directions for
change through imagining such self-relevant futures and alterna-
tives. Through narrative transportation [5] and experience-taking
[7], people also come to empathize with the actions and emotions
of others in stories, and sometimes change their own beliefs and
attitudes as a result.

The rise of social media has brought these other lives even closer.
Through constantly updating feeds and stories, we develop a kind
of background awareness of what others are doing, even without
interacting with them [10]. Yet it remains difficult to understand,
in a truly lived sense, what it is like to be in their exact situation:
what they experience, what they see and hear, and how they feel
in that moment. Differences in time, place, and social and cultural
background still stand in the way of deep empathy and experien-
tial understanding, and can even trigger negative feelings of envy,
inadequacy, and anxiety [2, 14]. This raises a central question for
our work: “Can we systematically simulate lives different from our
own in order to augment our experience sustainably?”
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Figure 1: Overview of the proposed Synthetic Lived Experience

Recent advances in generative models offer a new way to ap-
proach this curiosity and question. Large language models (LLMs)
[1, 19], drawing on vast general knowledge, can now produce coher-
ent narratives about everyday situations from relatively compact
prompts. Image generation models [17] have also reached a level
where they can create realistic scenes comparable to photographs.
When combined, these two developments suggest that generative
models need not remain mere tools for “making stories and pic-
tures.” Instead, they can become a medium for constructing virtual
approximations of lived experience for diverse personas and what-if
scenarios.

Several lines of prior work are related to this idea, including
(i) LLM-based systems [3, 6] for conveying emotions and foster-
ing empathy, (ii) persona-based role-playing [15, 20, 23], and (iii)
perspective-taking interventions [24]. However, prior work has pre-
dominantly emphasized interactive dialogue, role-play, or decision-
centric exchanges, where the system’s unit of generation is a con-
versational turn or a discrete choice. What remains less explored is
a narrative-centered representation of lived experience: a coherent
first-person episode that sustains context over time and foregrounds
what the person notices, feels, and reflects on as ordinary events
unfold.

In this paper, building on these threads, we propose the concept
of Synthetic Lived Experience (SLE). We define SLE as a virtual
lived experience, constructed in the first-person by genera-
tive models. In other words, even without actually having lived
that life, a user can vicariously live through another life situation
or what-if scenario as if they themselves were inside it. Whereas
prior work primarily simulates dialogue or one-off decisions, SLE
emphasizes holistic lived experience, expressed through narratives
and visualizations. More concretely, SLE focuses not only on what
happened, but also on what the person notices and perceives, what
emotions and thoughts arise, and what the surrounding atmosphere

and context are like, all written in a first-person voice. On top of
this, SLE adds visualizations grounded on the narrative, enabling a
more immersive experiential engagement.

The goal of this paper is to propose the concept of SLE and
present a basic framework along with initial results. We present
SLE as a method for generating plausible, inspectable, and revisable
approximations of other lives and other possible versions of my-
self. These approximations enable lightweight tests of assumptions,
help users externalize and elaborate what they imagine, provoke
reflection, and support early-stage ideation. Ultimately, SLE aims to
move beyond imagining others in the abstract by fostering a deeper
understanding of others’ lived experiences.

In this paper, we make three main contributions:

e Conceptualizing SLE: We articulate SLE as a generated
approximation of what it might feel like to live other lives
in a particular situation.

¢ Building SLE Pipeline: We describe a generative model-
based pipeline that takes user-designated persona and con-
text specifications as input and produces episodic first-person
narratives and associated visualizations as output.

o Initial Qualitative Results: We present examples of gener-
ated SLEs, discuss their strengths and limitations, and outline
future directions.

2 Methods

We implement Synthetic Lived Experience (SLE) generation as a
three-stage pipeline: (i) Narrative Generation Module, (ii) Scene
Description Module, and (iii) Visualization Generation Module.
Each module is controlled by a system-level prompt and consumes
the output of the previous stage. Across the pipeline, we use a
Context Prompt to specify who the experience is about and in what
situation. We refer to the resulting Narrative, Scene Description,
and Visualization collectively as the generated SLEs.
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e.g, A woman in her 50s, a high school teacher, teaching in a classroom, two students making noise

3. End with a short "Reflection” on what mattered most to me in this experience

Please generate a concise visual scene description for image generation given “/NARRATIVE] "

L0 Context
Prompt
Please generate a first person narrative given “/CONTEXT] "
1. Start with a short “Persona Recap” about who | am and my situation
0 2. Create an “Episode” and write in the first person (“1") describing:
Narrative .
Generation - my actions
- my perceptions
- my emotions and thoughts
System
Prompt
Scene . T s
Descripti 1. Summarize into 1~2 short sentences of vivid scene description
escription

Visualization
Generation

2. Focus on what could be seen in a single image: setting, people, objects, and overall atmosphere

Please generate a realistic image given “/SCENE DESCRIPTION] *

Figure 2: Summary of the four prompts used for SLE generation

2.1 Input Prompts

There are four main input prompts, comprising one user prompt
and three system prompts. Each prompt is summarized in Fig. 2. The
user-driven Context Prompt is the scenario-specific input authored
by the user. Several key pieces of information it can encode are as
follows:

e Persona: Who the SLE is about (e.g., another person or an
alternative version of myself), described through relevant
attributes such as age, occupation, role, and characteristics.

o Location: Where the SLE takes place, including the broader
setting (e.g., city, region) and place type (e.g., workplace,
home, public transit).

e Time Frame: When the SLE occurs and its temporal scope,
such as the time of day or duration.

o Situation: What is happening in the SLE, including the main
activity or event and any relevant social or environmental
conditions (e.g., who is present, ongoing pressures)

The first system prompt is a Narrative Generation Prompt, which
configures the module to produce first-person, episodic narratives.
It specifies the output structure (e.g., persona recap, episodes, re-
flection), writing style (first person, everyday detail, emotions),
and constraints (e.g., "avoid stereotypes", "stay within the given
context"). Scene Description Prompt defines how to transform a nar-
rative into concise, visualization-friendly descriptions: one or two
sentences per scene, focusing on visible settings, people, objects,
and atmosphere. Visualization Generation Prompt encodes fixed
preferences such as a neutral artistic style or level of realism (e.g.,

“keep the main character recognizable,” “everyday documentary
style”), and how to interpret the Scene Descriptions.

2.2 Generation Modules

The aforementioned prompts control each generation module. The
Narrative Generation Module takes the Context Prompt and Nar-
rative Generation Prompt and returns a structured, first-person
Narrative. Then, the Scene Description Module takes the Narrative
and Scene Description Prompt to generate the Scene Description for

the visualization generation process. Finally, the Scene Description
and the Visualization Generation Prompt are fed into the Visualiza-
tion Generation Module to generate a realistic Visualization that
depicts key moments.

2.3 Synthetic Lived Experiences

By exploiting the prompts across the three modules, the pipeline
produces three complementary artifacts that together constitute an
SLE. The Narrative is a structured first-person account including
persona recap, episodic moments, and reflection. The Scene Descrip-
tion distills each episode into visually grounded Scene Descriptions.
Finally, the Visualization provides a concrete view of key moments
in the Narrative, offering an additional modality through which
users can inspect the experience.

3 Results

3.1 Implementation Details

As a prototype, we used a frontier LLM (GPT 5.2 Thinking) for the
whole process. Note that each module can be replaced with other
open source models for further usability and variability.

3.2 Generated SLEs

Since we do not conduct user studies at this stage, our results consist
of qualitative examples and artifacts produced by the SLE pipeline.
Given the user prompt, the system first concretizes the persona
through persona recap. Then, the detailed episode is generated,
describing the situation and emotion of the generated self. Finally,
the reflection summarizes the first-person overall thoughts on the
event. Then, the Scene Description properly summarizes the core
moment of the Narrative into short sentences. Finally, generated
Visualizations provide illustrative glimpses of the situation. All
SLEs may prompt the imagination and help expand the experience.
Two examples in Fig. 3 also demonstrate the variability of SLEs
under different user-given contexts. These examples illustrate the
potential of SLE artifacts as materials for early-stage design, or
structured reflection.
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st:‘rp‘ A woman in her 50s, a high school teacher, teaching in a classroom, two students making noise
Persona Recap
I'm a woman in my 50s and a high school teacher. Right now, I'm in my classroom in the middle of a lesson, trying to keep
the room focused while two students keep making noise.
Episode
I'm halfway through explaining the day's concept when | hear it again—two voices, low at first, then rising into a rhythm of
whispered jokes and chair-scrapes.
Narrative (o))
| don't corner them. | just catch one of them briefly and say, in a low voice, “Tomorrow—start strong. Help me keep the
room steady.” He doesn't smile, but he nods. It's small. It's enough.
Reflection
What mattered most to me in this experience was protecting the learning space without turning it into a power struggle. |
wanted the class to feel steady—like a place where attention and respect aren't optional, and where my calm matters as
much as my content. Even on a tired day, | cared most about guiding the room back to focus while still seeing those two
students as kids who need direction, not enemies to defeat.
A sunlit high school classroom mid-lesson: a tired but composed
woman teacher in her 50s stands in the aisle with a marker in hand,
s eyes calmly ﬂ?(ed on two \A_/hispering students in the back corner.
Description Other teens sit at desks with notebooks open, some glancing over
with half-smiles, while a bright whiteboard behind the teacher glows
with partially written notes, creating a tense-but-controlled, quietly
authoritative atmosphere.
st;;“ A man in his 20s, an instagram influencer, working out at a gym, a fan trying to get an autograph
Persona Recap
I'm a man in my 20s who makes a living as an Instagram fitness influencer. I'm at my usual gym during a midday workout—
half training, half filming—trying to stay locked in while still being “on” in public.
Episode
| step off the treadmill and wipe the sweat from my forehead with the hem of my shirt, phone already in my hand. The
screen is smudged from fingerprints and chalk dust, but the front camera still makes everything look cleaner than it feels.
Narrative ce
Then | press stop. I'm not sure what the camera caught—me lifting, or me becoming someone in someone else’s story. Both,
maybe. | set my grip for the next set, and when | lift again, it feels different. Not heavier. Just... more meaningful.
Reflection
What mattered most to me was realizing my impact wasn't in the perfect posts or the best angles—it was in the quiet, real-
life moments where someone told me | helped them change. The autograph wasn't about my name; it was proof to him that
his effort was real, and being part of that made me want to carry my influence more carefully—and more sincerely.
A bright midday gym scene: a sweaty, athletic man in his 20s
(Instagram fitness influencer) stands by a squat rack and tripod-
Scene mounted phone, towel in hand, while signing a small bent notebook
s for a nervous younger fan holding his phone nearby. Around them,
Description

weight plates and machines blur into the background as a few gym-
goers glance over, creating a lively, slightly tense “public spotlight”
atmosphere amid clanking metal and workout energy.

Figure 3: Examples of the generated SLEs

3.3 Discussion

The initial results suggest that SLE can often produce coherent
first-person narratives that appear plausible, and may serve as
tentative design artifacts for early-stage ideation. However, our
current prototype relies primarily on an LLM’s general knowledge,
which inherits well-known limitations [9, 13] including hallucina-
tion, ultimately constraining realism and reducing the degree of
personalization. This also raises ethical concerns about biased or
stereotypical depictions when modeling specific identities or social
contexts. Despite these limitations, SLE may be useful as a rapid
what-if prototyping tool: it enables researchers and designers to
quickly explore alternative scenarios and generate early insights,
offering a preliminary “glimpse” that can guide subsequent, more
rigorous investigation and validation.

4 Future Work

Our proposed SLE framework is designed to be extensible, and
several promising directions can broaden its practicality and impact.

e System Usability: In order to support smoother end-to-
end interaction, interface designs that help users specify
personas, contexts and desired experience qualities without
requiring prompt-engineering expertise are required. In ad-
dition, interactive controls for editing narrative constraints,
interpretability on why particular events were generated
could make SLE more accessible for everyday users.

e System Composition: To better personalize experiences,
SLE could incorporate a dedicated memory module that
ingests real-world data sources such as diaries, notes, or
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